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Segmentation and Recognition of Renal Tumor and Cyst Using
Artificial Neural Network on Abdominal CT Images (1)
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Abstract

Computer-aided diagnosis already has
been applied to medical diagnosis recently
especially for complex data such as CT images,
ultrasonic images, ECG, etc. In this project, we
built an automatic operation for renogram
processing by means of advanced computer

technology. We proposed two stages processing:

first is to extract features of doubtful regions by
texture analysis method. The features such as
mean, homogeneity, contrast, entropy, and
correlation are provided as inputs to SVM
neural network. The second stage is perform
renal cyst/tumor classification using support
vector machine technique. We have obtained
acceptable results from the proposed method.

Keywords: Feature extraction, Texture analysis,

Support Vector Machine, Abdominal
CT Images ~ Artificial neural network
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